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Abstract

Productive asset grants have become an important tool in efforts to push the very poor out of
poverty, but they require labor to convert the asset into income. Using a clustered randomized
trial, we evaluate the impact of a key component of the Government of Philippines’ child labor
elimination program, a $518 productive asset grant directed at families with child laborers. We
find that households rely upon family members for the labor to work the asset. Adolescent
labor is the most available labor in the household, and we observe increases in employment
among adolescents not engaged in child labor at baseline. Households with a family firm or
business prior to treatment especially lack available adult labor to work with the asset, leading
to increases in child labor, including hazardous work, amongst children who were not in child
labor at baseline. JEL: J13, J82, O15
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1 Introduction

Large, one-time transfers to poor families are a fundamental piece of the anti-poverty toolkit.

Several studies document that these large, one time transfers to poor families result in households

starting or expanding household based economic activity with meaningful impacts on the consump-

tion and health of family members. Can such programs disrupt the intergenerational transmission

of poverty? The impact of such programs on the next generation depends on the survival of the

wealth generated by the asset and the impact of such transfers on human capital investments.

For adolescents in settings with complete labor markets (in the sense that the household is

a price taker in the labor market), the primary impact of the introduction of a productive asset

depends on the wealth effect of the transfer which, if positive, should promote human capital

through schooling, free time, and improved physical and mental health. However, in the presence

of multiple factor market failures, the introduction or expansion of a productive asset could increase

the value of child time, resulting in increases in child labor (Basu, Das and Dutta, 2010). Given

evidence against the completeness of factor markets (LaFave and Thomas, 2016) especially among

the poorest (LaFave, Peet and Thomas, 2017), it is important to understand the implications of

these livelihood promotion projects on adolescents since such programs now play a central role in

global efforts to combat both poverty and child labor.

This study examines the effects of an asset transfer on adolescents and their families in settings

where child labor is prevalent using experimental variation in a livelihood promotion project in

the Philippines where 11% of childen aged 5-17, or 2.1 million children, were engaged in child

labor as of 2011.1 The Philippine government differentiates between child employment and child

labor, defining child labor as “any work or economic activity performed by a child that subjects

him/her to any form of exploitation or is harmful to his/her health and safety or physical, mental

or psychosocial development.”2 Not all economically active children are in child labor. Kabuhayan

Para sa Magulang ng Batang Manggagawa (KASAMA) is an important piece of the Government

of the Philippines effort to eliminate child labor. For this study, the Philippine Department of

Labor and Employment (DOLE) partnered with the authors in an evaluation of KASAMA across

164 communities and 2,296 households where child labor is prevalent. KASAMA provides a one-

time USD$518 in-kind asset transfer (selected by the beneficiary) and 3 days of training related to

1International Labor Organization and Philippines National Statistics Office. 2011 Survey
on Children. Retrieved from http://www.ilo.org/wcmsp5/groups/public/@asia/@ro-bangkok/@ilo-
manila/documents/meetingdocument/wcms184097.pdf

2See On-line Appendix 2.3 for details on the Philippine legal definition of child labor.
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operating a business and child labor. For context, average per capita expenditure of beneficiaries

in the study population is USD$1.30 per day, and the most common forms of child labor are in

agriculture, retail, and domestic service. The impact evaluation of KASAMA took place between

August 2015 and September 2018.

The theory behind KASAMA is that this one-time transfer expands the presence of productive

assets in the family and pushes households to a level of wealth where they are capable of sustaining

and growing their income, eliminating motives for child labor. Thus, we examine whether KASAMA

has an effect on how the household generates its livelihood, whether it impacts household living

standards and adolescent well-being, and whether KASAMA changes child labor in the household.

We find that in response to the KASAMA treatment, households are more likely to report a

family firm and household based economic activity increases. Household food security and life

satisfaction for adolescents in treatment households also improve. For these adolescents, we do not

find any changes in overall economic activity or child labor, which we define as economic activity

illegal under the Philippines’ child labor laws.

However, examining the effects for all adolescents masks important heterogeneity. The inter-

vention is targeted at households with a child laborer present, but not all children in our households

are in child labor at baseline. Child labor projects often find that it is easier to prevent a child from

starting to work than to stop a working child (for example: Edmonds and Schady (2012)), and our

analysis plan pre-specified looking at heterogeneity in treatment based on whether a child was in

child labor at baseline. Treatment has negligible influence on the labor supply of adolescents in

child labor at baseline, but we observe increases in economic activity for those children not in child

labor at baseline. This increase in working children is especially large in magnitude in families with

a nonfarm business at baseline.3 There is less available labor in families with non-farm enterprises

at baseline, and we observe increases in child labor, even hazardous child labor, with treatment, and

we do not observe the improvements in child well-being that are present in treatment households

without a baseline nonfarm business.

We also stratify randomization by whether all eligible households in the community report

receipt of the government’s Pantawid Pamilyang Pilipino Program (4Ps). 4Ps provides consumption

support, health insurance, preventative health care, life skills coaching, job skills coaching, and

financial access. In our 4Ps stratum, all of our subjects (treatment and control) receive 4Ps, and

3Our pre-analysis plan did not specify looking at heterogeneity based on the presence of a nonfarm business at
baseline; this was suggested by a reviewer at the pre-results stage (stage 1).
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we are evaluating the impact of a productive asset transfer on top of consumption support and

the other components of 4Ps. We implemented this stratification because 4Ps + KASAMA has lot

in common with the space of programs covered under the ultra-poor graduation program (UPG)

moniker; we view our setting as graduationesque.4 Unpacking and understanding how UPGs work

is an important, on-going research topic, and our study is closely related to Banerjee et al. (2018),

which evaluates the impact of giving recipients 4 goats without the other components of UPGs.

Here, we experimentally manipulate the productive asset on-top of consumption support in the 4Ps

stratum. We find that treatment leads to larger increases in child employment in our 4Ps stratum,

including in activities that would be considered hazardous child labor. A close examination of

the data reveals that this larger increase in child employment with treatment is feasible, because

the 4Ps stratum has more inactive children available to work the asset at baseline. Hence, we

repeatedly observe throughout our findings that households draw on available household labor to

work the productive asset.

The impact of productive asset transfers is an important topic in the child labor literature

because the child labor policy community views productive asset transfers as critical in their efforts

to decrease child labor. Accordingly, several studies grapple with understanding the relationship

between household asset wealth and child time allocation (Bhalotra and Heady, 2003; Cockburn

and Dostie, 2007; Basu, Das and Dutta, 2010; Dumas, 2013). This literature has struggled to

address why households differ in their asset wealth. The experimental variation in KASAMA

allows us to separate out the role productive assets play in child labor from other factors such as

local labor market conditions and family histories that are apt to be correlated with household

asset endowments. Our findings are consistent with non-separability of household production and

consumption decisions, implying that households with more productive assets differ in both wealth

and the value of child time (Singh, Squire and Strauss, 1986). Hence, the net effect of productive

assets on child labor depends on whether the wealth effect or the change in the value of time

dominates. The dominant change (increase) in employment comes from those not in child labor

at baseline, consistent with an increase in the value of time in economic activity in the household

with the growth in productive assets in the household.

4The UPG space encompasses a wide variety of programs, but there are some clear ways in which the KASAMA
+ 4Ps context differs. Most UPGs have some savings component which KASAMA does not. The UPG program
typically engages in a several month pre-intervention market research process in order to come up with a list of
livelihoods from which beneficiaries choose, whereas for KASAMA, no such market research was done. In the UPG
context, beneficiaries can then choose from a limited set of assets, whereas our subjects have complete free choice
of their productive assets. All UPGs have home visits for life skills coaching whereas those sessions are held in
community meetings under 4Ps.
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More broadly, our findings on the treatment’s impact on labor inside the household relates

to the large and growing literature on the impact of asset transfers on beneficiary families. In a

literature review, we identified 58 related impact evaluations from 51 distinct research papers on

asset transfers in the form of large, one-time cash transfers, one-time in-kind transfers or productive

assets, or UPGs. Table 1 tabulates the number of these studies that look at adult time allocation,

child time allocation, child labor, and child psychological well-being related outcome measures by

type of transfer.5 While just over half consider the impact of large transfers on some aspect of

adult time allocation, usually employment, only 4 look at child time allocation related outcomes,

and none examine child labor that would be illegal under local labor laws, measure child psycho-

logical well-being, or interview children directly.6 Direct interviews of adolescents are necessary

to collect psychological well-being measures and a more complete picture of their work and school

environments relative to some proxy who is not with the adolescent throughout their day.

Policymakers may be interested in effects on adolescents as they are unlikely to have complete

agency over their own time allocation. Our principal finding, that households rely on available

labor when a productive asset is introduced, implies that attention to the impact of asset transfers

on adolescents is appropriate anywhere adolescents make up a substantive part of available labor.

Consistent with this, two of the four studies from Table 1 that consider child time allocation

find increases in economic activity as a result of a graduationesque treatment (Hossain, Mullally

and Ara, 2017; Sulaiman, 2015). Our finding that the positive psychological well-being effects of

treatment are not present in the subgroup that transitions into economic activity with treatment

highlights that more research on the impact of asset transfers on adolescents is merited.

5We examined the following large cash transfers: Ambler, de Brauw and Godlonton (2017), Ambler, de Brauw
and Godlonton (2018), Ambler et al. (2018), Ambler et al. (2019), Berge, Bjorvatn and Tungodden (2014), Blattman,
Fiala and Martinez (2013), Blattman and Dercon (2016), Blattman, Fiala and Martinez (2018), Blattman, Fiala and
Martinez (2018), Blattman, Dercon and Franklin (2019) ,Brudevold-Newman et al. (2017), De Mel, McKenzie and
Woodruff (2008), Fafchamps et al. (2014), Fiala (2018), Green et al. (2015), Haushofer and Shapiro (2016), Haushofer
and Shapiro (2018), Karlan et al. (2014), Karlan, Knight and Udry (2015), McKenzie and Woodruff (2008), McKenzie
(2017), Sedlmayr, Shah and Sulaiman (2019). We examined the following in-kind transfers:Ambler, de Brauw and
Godlonton (2018), Argent, Augsburg and Rasul (2014), Banerjee et al. (2018), De Mel, McKenzie and Woodruff
(2008), de Hoop et al. (2018), Fafchamps et al. (2014), Glass et al. (2017), Jodlowski et al. (2016), Kafle, Winter-
Nelson and Goldsmith (2016), Mart́ınez et al. (2018), McKenzie and Woodruff (2008), Nilsson et al. (2019), Rawlins
et al. (2014), Thompson and Magnan (2017). We examined the following graduationesque programs: Ahmed et al.
(2009), Ara et al. (2016), Asadullah and Ara (2016), Bandiera et al. (2013), Bandiera et al. (2017), Banerjee et al.
(2015), Banerjee et al. (2018), Bauchet, Morduch and Ravi (2015), Blattman and Annan (2016), Blattman et al.
(2016), Das, Misha et al. (2010), Das, Misha et al. (2010), Emran, Robano and Smith (2014), Gobin, Santos and
Toth (2017), Haseen (2006), Hossain, Mullally and Ara (2017), Mallick (2013), Misha et al. (2019), Phadera et al.
(2019), Roy et al. (2015), Sedlmayr, Shah and Sulaiman (2019), Sulaiman (2015).

6Not all of these studies are aimed at populations where it would make sense to look at child time allocation
related outcomes.
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2 Background

2.1 Intervention

The Government of the Philippines is committed to eliminating child labor, with the target of

reducing the number of child laborers by 600,000 in the most recent National Development Plan.

DOLE’s Child Labor Prevention and Elimination Program (CLPEP) plays a leading role in efforts

to meet this target, and the most resource intensive component of CLPEP is KASAMA, the focus

of this evaluation.

Principally, KASAMA is a large, one time transfer of PHP10,000 (USD$518 in PPP terms,

USD$184 in nominal terms) to a family with child laborers present. Local governments maintain

registries of poor families and families where child labor illegal under Philippine law is known to

exist in each locality. The intersection of these two lists are potential KASAMA beneficiaries.

The transfer is made in-kind rather than in cash. Either DOLE or a subcontractor work with

beneficiaries to identify the type(s) of productive assets that the beneficiary wants, and those

assets are provided to the beneficiary.

Distributed KASAMA benefits in our treatment group are largely for petty trading. Table 2

tabulates the distributed benefits using DOLE’s official records. Because households are free to

sell their assets after distribution, Table 2 is not necessarily informative about what’s become of

the KASAMA assets at the time of endline. 70 percent of distributed assets go into rice and food

trading or stocking a sari-sari store. Six percent go to support fishing, four percent to farming, and

the remainder that can be classified are categorized as tools or inputs into skilled trades.

In addition to the asset transfer, beneficiaries are asked to attend 3 one-day trainings. DOLE

believes that the trainings are important in making the asset transfer successful. These trainings

provide assistance on developing a business plan (which leads to the selection of the asset during the

training day), some education on bookkeeping, marketing and financial literacy, and an orientation

on child labor. The child labor orientation is a description of how child labor is defined legally in

the Philippines and how the government is engaging communities to reduce child labor. It is not

specific to KASAMA and, unlike many child labor trainings in other countries, it is not oriented

towards changing household assessments of the the health and safety risks of work. KASAMA was

implemented in our study areas by DOLE following their usual operating procedures. Hence, the

procurement and distribution of assets, all trainings, and all monitoring and audits were imple-

mented following DOLE’s standard way of implementing KASAMA. Appendix 1 provides detail
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on DOLE’s implementation process.

The policy context for KASAMA is important to understanding the treatment. All of our

study population should be receiving the Pantawid Pamilyang Pilipino Program (4Ps). The 4Ps

program is a cash transfer program that provides poor families with children with consumption

support, health insurance, preventative health care, life skills coaching, job skills coaching, and

financial access. 4Ps benefits are paid every two months to a bank account accessible via a cash

card. Benefits increase in the number of children to a maximum of 3 and vary with the age of the

child. In most writings, 4Ps is described as a conditional cash transfer, because recipients agree

ex-ante to pre and post natal visits, pre-school, and schooling, but the program director informed

the authors in a personal interview in October 2016 that he was not aware of any beneficiaries ever

having benefits terminated because of non-compliance with those conditions. Rollout of 4Ps across

communities began in 2008 and should have been fully rolled out in our study area as of 2014.

Hence, there should have been plenty of time for households in our study area to learn about the

lack of enforcement of the conditionality.

Our evaluation of KASAMA takes place in 164 communities (legally, barangays) in Regions I,

II, III, IV-A, and V on the island of Luzon.7 In all communities, DOLE has not previously un-

dertaken projects to address child labor.8 Communities were grouped into 4 strata by researchers.

Communities were defined as urban or rural based on their population census classification. Com-

munities were also divided into two groups based on whether all households reported receiving 4Ps.

In communities where not all households report receiving 4Ps, 77 percent of households report

receiving 4Ps. The product of these two classifications forms our four strata (urban v. rural * com-

plete 4Ps v. incomplete). A random number generator was used by the research team to allocate

communities to treatment and control status. 82 communities were assigned to treatment.

While randomization takes place at the community level, KASAMA benefits are distributed to

7Sample communities were selected by DOLE using the following criteria: 1. Prevalence of child labor as deter-
mined by the Philippine Statistics Authority (PSA) using the 2011 Philippine Survey of Children. 2. DOLE intends
to target the community for livelihood assistance but has not yet provided any KASAMA. 3. No political opposition,
meaning Local Government Units are open to receiving KASAMA as determined by DOLE’s regional focal persons.
4. Excluding KASAMA from the community won’t constrain DOLE’s annual achievements, implying no communities
that DOLE is near certifying as child labor free. 5. Logistically feasible to reach the community within the project’s
budget.

8As a part of CLPEP, DOLE categorizes communities as “New Frontier,” “Continuing,” or “Low Hanging Fruit.”
In “Low Hanging Fruit” barangays, KASAMA beneficiaries are required to sign a document pledging not to use child
labor with the productive asset. In some early documentation, such as our analysis plan, we thought that would
be true for our intervention as well. However, subsequent to that writing, we have learned that DOLE does not
ask for any such commitment in other barangay classifications. Hence, our beneficiaries have signed no such pledge.
Subsequent to our report to DOLE on the findings of this evaluation, they have added this pledge.
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households with child labor present. DOLE identified at least 14 eligible households from each of

the 164 study communities in advance of the baseline survey and before randomization. DOLE

maintains lists of households with child labor present in conjunction with Local Government Units

(LGUs). Child laborers that are not household based or in households not known to DOLE are

not eligible for KASAMA in either our study or the Philippines in general. Prior to surveying, the

research team worked with the LGU to validate the lists provided by DOLE. When more than 14

households were identified, the research team used a simple random number generator to select 14

at random for the evaluation. Only eligible households are interviewed in this evaluation.

DOLE implemented the KASAMA intervention starting in August 2016, four months after the

conclusion of the baseline survey. To minimize potential performance bias in survey responses,

no parties involved in implementing KASAMA for DOLE were engaged in the collection of data.

All data for the evaluation were collected by our independent team of enumerators through IPA

Philippines. Survey instructions emphasized that participation in the survey had no bearing on

the respondent’s receipt of government benefits, and enumerators were reminded in training that if

asked, they should confirm that they are from an NGO and are not affiliated with the Government

of the Philippines. All enumerators wore IPA polo shirts and carried IPA badges. To reduce

expectancy bias, enumerators and other field staff were not told about the partnership with DOLE

nor that the survey work was for an evaluation of an intervention aimed to alleviate child labor.

2.2 Hypotheses

The theory behind KASAMA is that a one-time productive asset transfer leaves the household

wealthier because of the value of the asset and helps them generate future income from the sustained

impact of the asset. This in turn eliminates motives for child labor. This theory implies three key

hypotheses to test:

• Hypothesis 1: KASAMA has no effect on how the household generates its livelihood. This
hypothesis is analogous to a first stage.

• Hypothesis 2: KASAMA does not change the well-being of the household or adolescents in
beneficiary households.

• Hypothesis 3: KASAMA does not change the prevalence of child labor.9

9Our AEA registered pre-analysis plan split this hypothesis into two based on the child’s baseline time allocation.
Based on feedback, we’ve pushed that detail into heterogeneity and modified hypothesis 3 to not specify the child’s
baseline time allocation.
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In this section, we discuss the evidence that motivates these hypotheses and highlight that

KASAMA could increase child labor if households need to draw on family members to convert the

asset transfer to income. The outcomes associated with each hypothesis are described in Section 4

below, and precise variable definitions can be found in Appendix 2.

Regarding hypothesis 1, the related literature spurs us to anticipate finding an increase in

household based economic activity if KASAMA is implemented correctly. If capital and factor

markets are perfect, KASAMA is similar to a large cash transfer. When family firms are investing

optimally, an influx of resources may not change the economic organization of the household. That

said, several studies have found that large, one-time cash transfers end up invested in growing or

expanding family firms. Most of these studies are targeted at individuals already with a business.

De Mel, McKenzie and Woodruff (2008) provide business owners in Sri Lanka the equivalent of

$100 or $200 (depending on the treatment arm) and observe that beneficiaries invest these funds

in their businesses and attain real returns of approximately 5 percent per month. Karlan, Knight

and Udry (2015) provide tailors in Ghana a cash grant of $133 that seems to increase short-term

investments.

Our setting differs in at least two important ways. First, not all of our households are en-

trepreneurs. There is some evidence that even extremely disadvantaged groups invest a cash grant

in productive activities. For example, Blattman and Dercon (2016) provide unemployed individuals

in Ethiopia a $300 cash grant, 55 percent of which was spent on business materials and investments.

Haushofer and Shapiro (2016) provide poor Kenyan families $709 and observe substantial increases

in the value of nonland assets and self employment activities. Second, our transfers are delivered in

kind rather than in cash. Many studies of in-kind transfers fix the asset that is transferred, goats

for example (Thompson and Magnan, 2017; Banerjee et al., 2018). All published studies of in-kind

asset transfers that we know of find an increase in use of that asset. Our asset transfer lies between

a cash transfer and most of the in-kind transfers in that our beneficiaries can choose the assets they

receive. Given the preponderance of the evidence from both cash and in-kind transfers in a variety

of contexts, growth in economic activity related to the transfer should be expected if the transfer

is implemented correctly by DOLE.

Regarding hypothesis 2, the value of the asset transfer increases household wealth directly, and

the hope behind a one time transfer is that it pushes households into a new situation where they

can sustain an increase in living standards. Given the short-term nature of our study, we do not

anticipate being able to distinguish between the wealth effect of the resource transfer versus the
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impact of the expansion of the economic activity related to the transfer. Several studies find that one

time cash or asset transfers are associated with increases in consumption and other welfare measures

(Blattman et al., 2016; Blattman and Dercon, 2016; Haushofer and Shapiro, 2016; Kafle, Winter-

Nelson and Goldsmith, 2016) although that finding is not universal. The ultra-poor graduation

programs, which package asset transfers with consumption support in addition to other services,

find generally positive impacts on living standards (Haseen, 2006; Das, Misha et al., 2010; Banerjee

et al., 2015; Bandiera et al., 2017). We expect improvements in living standards to be measurable

with transfer induced increases in family based economic activity.

The primary objective of KASAMA is to reduce child labor, but the existing literature is less

clear on what we should anticipate regarding hypothesis 3. While there is ample evidence in the

literature that leads us to anticipate growth in household economic activity and improvements in

living standards with KASAMA, we illustrate in Table 1 that there is very little evidence from the

UPG literature, the productive asset transfer literature, and the large cash grant literature that

is informative about child labor. The few exceptions we are aware of come from UPG evaluations

in Bangladesh. This evaluation appears to be novel in that surveys collected proxy respondent

information about adolescents. Of the studies that analyze the Bangladesh UPG setting, Hossain,

Mullally and Ara (2017) and Sulaiman (2015) document that children spend more time working

after a UPG asset distribution. As the impact of the UPG on adolescents is not their focus, these

studies do not directly interview adolescents, measure child labor, or measure child well-being, and

thus are not designed to replicate the analysis herein.

This paucity of evidence is unfortunate, because productive asset transfers are currently the

dominant tool in efforts to eliminate child labor (like KASAMA, which the Philippine Government

considers central in its efforts to combat child labor). While there is ample evidence to suggest

that child labor declines with increases in wealth, several studies document that child labor can

be higher in the presence of more productive assets in the home, albeit treating endogenous asset

endowments as exogenous to local labor markets and family economic histories (Bhalotra and

Heady, 2003; Cockburn and Dostie, 2007; Basu, Das and Dutta, 2010; Dumas, 2013). Basu, Das

and Dutta (2010) show that much of the confusion in the child labor literature over the wealth

elasticity of child labor stems from the fact that when labor and capital markets are imperfect,

wealth brings productive opportunities to the household and raises the economic contribution of

working children. Dumas (2007) builds on this point and argues that labor market failures are a

major cause of child labor in Burkina Faso.
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When there is disutility of child labor (Basu and Van, 1998), the impact of an increase in child

labor’s potential economic contribution depends on the marginal utility of consumption that the

child’s economic contribution brings. In this way, KASAMA can increase child labor in settings

where the marginal utility of consumption is very high and labor and capital markets are incomplete.

It is not necessarily the case that increases in the shadow value of child labor will increase child

labor if, for example, the marginal utility of consumption is low relative to the disutility of child

labor (Basu, Das and Dutta, 2010). In that case, the increase in wealth from the asset transfer will

lead to a decrease in child labor in the same way it does in the complete markets case (where there

is only the wealth effect).

3 Empirical Analysis

We use a clustered randomized control trial (RCT) to identify the effect of KASAMA on the primary

outcomes outlined in our hypotheses. Using an RCT is suitable to address this research question

because it allows us to isolate the role of productive assets in child labor decisions from other

factors such as local labor market conditions and family histories that are apt to be correlated with

household asset endowments. Randomization was conducted at the community level at DOLE’s

request because of political and administrative concerns.

3.1 Data

Our data are longitudinal and have been collected over a three year period (2016-2018), principally

baseline and endline surveys. The baseline data were collected from February to May 2016. Inter-

vention delivery was conducted by DOLE, beginning in August 2016. The endline survey began in

mid February 2018 and finished mid-June 2018.10 A midline survey was collected between May 2017

and July 2017.11 The midline survey was designed to assist with tracking subjects and to confirm

intervention rollout. It is not used in this paper other than to confirm receipt of KASAMA.12

3.1.1 Data collection and processing

In each survey round, we conducted a household survey, where we interviewed the household

member with the most knowledge of the household’s economic activity. This included questions

10Data collection was completed after the original Stage 1 submission.
11It was not part of the pre-analysis plan. Funding was obtained later.
12The Stage 1 submission included a preview of our results using the midline data.
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on demographics and detailed time allocation for all household members, assets, consumption,

economic activity, government transfers, savings, and food security. During the baseline and endline

surveys, we also conducted a child survey of all household members between the ages of 10-17.13.

This included questions on education, time allocation, work characteristics, life satisfaction, and

parenting styles.14

To ensure accuracy of the collected data, our enumerators were regularly audited or accompanied

by senior field staff, and nightly frequency checks were conducted on the data. 18% of surveys were

audited. 9.2% of surveys were accompanied, more frequently earlier in each round of data collection.

Nightly frequency checks confirmed, among other things, that the household and child surveys are

properly matched, consistency in responses across questions, and that values of responses are in

the appropriate range. We also conducted 1 week pilots of each of the questionnaires prior to the

baseline, midline, and endline surveys to ensure that the questions were properly understood by

respondents.

In addition to our survey data, we use household-level administrative records from DOLE

on asset distribution and training attendance in our treatment barangays to confirm receipt of

treatment, exposure to training, and the type of asset received through the KASAMA program.

3.1.2 Variations from the intended sample size

Our sample of 2,296 households is the product of 14 households and 164 communities. In order

to minimize attrition, we asked numerous questions during the baseline and midline surveys to

assist with tracking in the follow-up surveys. Social media information proved incredibly useful for

tracking.15

For our endline survey, we tracked all migrant households and all children who were present at

baseline and under 18 at endline regardless of whether they were still associated with the original

household. Of the 2,296 households interviewed at baseline, we interviewed 2,288 households at

endline for an attrition rate of 0.3%. For children, we interviewed 3,455 children at baseline who

are still under age 18 at endline. At endline, we were able to reinterview 3,327 of these children

directly for an attrition rate of 3.7%. We have proxy information on 127 of the 128 children we

were unable to interview, implying that the full attrition rate (fraction of children for whom we

13The midline survey was abbreviated and did not interview children
14Survey instruments can be found online: https://sites.dartmouth.edu/eedmonds/kasama/.
15We contacted respondents via Facebook Messenger in order to track them to their new locations, but we did not

explicitly study how to best recontact respondents.
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know nothing about their current status) is 0.03%.16

To ensure compliance with treatment assignment, we received quarterly reports from DOLE on

asset distribution in our treatment communities and the Philippines overall. This allowed us to

monitor that DOLE provided KASAMA to households in our treatment group and also that control

barangays were not treated. According to DOLE reports, 94.3% of treatment households were

distributed KASAMA assets, while only one control household received the KASAMA treatment

(0.09% of control households). We also use self-reported data from the midline and endline surveys

to validate that KASAMA was received by the households that DOLE was supposed to treat and

not received in control barangays. Combining data from both the midline and endline surveys,

38 of the 1,148 control households reported receiving KASAMA benefits at some point in either

survey. We would be concerned if these were geographically concentrated, but the 38 households

are spread across 21 barangays. We think this difference between the household reports and the

administrative data is more likely measurement error from the household’s perspective, forgetting

the name of some social program they received.

3.2 Statistical Power

The study size was chosen to be able to detect declines in child labor between those assigned to

KASAMA and those not in a simple comparison of means although our key hypotheses are about

rejecting nulls of no effect of KASAMA. Our ex-ante power calculations suggested that we needed

700 households from 50 communities in total to detect a 10 percent decline in hazardous child

labor. This sample was too small for DOLE given their political objectives for the year. Hence, the

number of study communities was increased to 164 communities and 2,296 total households. The

names and locations of these 2,296 households that make up our baseline sample were provided to

us by DOLE using their administrative records of eligible families.17

3.3 Statistical model

Using a clustered randomized trial to identify the effects of KASAMA on our primary outcomes,

we can specify a comparison of means with two sided hypotheses tests in regression form as:

16The results reported in the main text below use the child’s direct responses. We reproduce results where proxy
responses are available in Appendix Tables 12 and 13. The full attrition rate is below the household attrition rate,
because we were able to complete child surveys for all but 1 of the children in the households we lost.

17To determine the minimum detectable effects (MDEs) given our design for our primary outcome variables, we
use our baseline data to calculate the means, standard deviations, and the intracluster correlation coefficients of each
variable. MDEs for the primary outcomes using the overall sample and by subgroup are shown in Appendix Tables
1-7.
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Yi,j,k,t = β0 + β1Dk + π1STi + εit (1)

where Yi,j,k,t is the outcome for child i in family j associated with community k at time t.

Dk is an indicator that the child lives in a community receiving KASAMA treatment. STi are

stratification fixed effects.18 Our analysis focuses largely on t=2, the endline survey.19 εit is a mean

zero error term. When Y is child labor, β0 is mean prevalence of child labor in the control group

for the omitted stratum. β0 + β1 is mean child labor for children living in households in treatment

communities for that stratum.

Baseline data allows us to further reduce variance in (1) and more precisely estimate the impact

of KASAMA treatment on our primary outcomes. We modify (1) to control for baseline values of

the outcome variable when available, Yi,j,k,t=0, as well as for age and gender through age effects,

Ai,t=0, gender effects, Fi, and their interactions, Π(Ai,t=0,Fi):

Yi,j,k,t=2 = β0 + β1Dk + π1STi,k + π2Yi,j,k,t=0 + Π(Ai,t=0 ∗ Fi) + εk2 (2)

The inclusion of baseline outcome values implies that we identify the impact of D based on

changes in Y between the baseline and endline periods. Because we only have complete time allo-

cation for children 10 and above at baseline, we will limit our analysis of time allocation outcomes

at endline to children 12 and above. Standard errors are clustered at the community level in all

empirical work. We do not have significant issues of non-compliance, and hence our analysis is all

a reduced form, intent to treat analysis.

We test the three main hypotheses outlined in Section 2.2 in this study. Because we are inter-

ested in the impact of the intervention on adolescents, an observation in all of our confirmatory

analysis is a child 12-17. For household level aggregates, this is equivalent to weighting the house-

hold’s outcomes by the number of children 12-17. To address multiple hypothesis testing, we reduce

the number of outcomes by creating indices following Anderson (2008). Each hypothesis has at

most four outcome variables. Any outcome defined as an index is expressed in standard deviations.

We also compute FDR-corrected q-values following Benjamini and Hochberg (1995), pooling across

all 3 hypotheses.

18Stratification fixed effects were not included in this base specification in our pre-analysis plan. We have added
these based on feedback during the Stage 1 review process.

19In the AEA registered pre-analysis plan, t=1 refers to the endline survey since we did not initially have funding
for the midline survey.
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3.3.1 Balance

We use our baseline survey data to evaluate balance across the treatment and control groups

prior to the intervention. We test balance on the full sample of resident children 10-17, because

the children 10-15 at baseline will be under 17 at endline and thereby the target of our endline

analysis and children 16-17 at baseline, though aged out of our endline analysis, provide insights on

what the experience of 16 and 17 year olds look like in our communities.20 Table 3 shows that the

treatment and control groups are balanced across the child, household, and barangay populations at

baseline, as well as all indices included as primary outcomes. There is not a statistically significant

difference between any of the baseline variables. The difference in income between treatment and

control appears large in magnitude despite its insignificance. This is driven by an outlier. If we

trim the top and bottom 1 percent (as we pre-specify in our approach for outliers in the Stage 1

paper), the difference moves the treatment mean from being more than 70 percent above control

to being less than 2 percent below control. Further, even with the outlier included, we fail to reject

the null hypothesis that the differences in these characteristics are jointly zero across the treatment

and control groups (F-statistic=0.65). Most variables from Table 3 are self explanatory, but those

that require construction, such as child labor, hazardous child labor, family firm annual income,

and per capita monthly expenditures, are defined in detail in Appendix 2.

4 Results

All empirics behind the analysis in this section were pre-specified in our pre-analysis plan and

proposed directly in our JDE Stage 1 review.

4.1 Economic Organization of the Household

Table 4 contains the three main confirmatory outcomes relevant to Hypothesis 1 on KASAMA’s

impact on the economic organization of the household. The dependent variables appear in the rows

of the table. In columns 1 through 3, an observation is a child present at endline in the household,

the co-resident children sample. This sample accounts for all children in these households at endline,

including children who may have moved in as a result of the treatment. For columns 4 and 5, an

observation is a child interviewed in the child survey at both baseline and endline, the panel children

20We also examine balance on the sample of children that we interviewed at baseline and reinterviewed again at
endline. The results are shown in Appendix Table 8. There is not a statistically significant difference between any of
the baseline variables in the non-attriting sample.
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sample. This sample examines only those children who were part of our treatment households at

baseline. Since the sort of mobility captured in the co-resident sample may be an important feature

of KASAMA, we choose to report all three samples. All other main results tables follow the same

set-up.21 FDR-corrected q-values are included and computed for each specification separately,

pooling across all three hypotheses (Tables 4 through 6). Appendix Figures 2 through 4 plot the

treatment effects for each of the 11 key outcomes.

The first outcome in Table 4 is an indicator for whether the household reports receiving

KASAMA within the last 12 months in either the midline or the endline survey (thereby fully

spanning the implementation window). In Column 3, we find that households in the treatment

group are 83.3 percentage points more likely to report receiving the KASAMA program than

households in the control group. We restrict the sample to children surveyed both at baseline and

endline (“panel children”) in Column 4 and include baseline controls as specified in Equation 2 in

Column 5.

Given the range of assets distributed under KASAMA, we define a family firm to span agri-

cultural and non-agricultural activities. In the second row of Table 4, Reports Family Firm is an

indicator equal to 1 if the household reports an own-income (cash or in-kind) generating activity

including nonfarm activities, agriculture, and livestock. 76.1 percent of control households report

such a family firm, and we find an increase in reporting a family firm of 9.7 percentage points

(12.7 percent) as a result of the KASAMA treatment. With 1,144 treated households recaptured at

endline and DOLE’s reported compliance rate of 94.3%, these estimates imply that an additional

118 businesses were either started or kept going as a result of KASAMA.

We collected a large volume of questions related to the operation and existence of a household

based enterprise including the number of nonfarm enterprises, the number of livestock, the amount

of land owned by the household, the number of new enterprises in the last 24 months, income from

all family firms (combined), the value of household assets, and the share of adults in family based

economic activity. In the third row of Table 4 we report findings of the impact of treatment on a

standardized index created across all measures of the presence of family-based economic activity in

the household. We find that treatment households experience a 0.19 standard deviation increase

in their household based economic activity index relative to control households. We examine the

21In Appendix Table 9, we test the null hypothesis that the sample mean for the full sample of children interviewed
at endline is the same as the sample mean for children found at both baseline and endline. We cannot reject the
null hypothesis that the sample means are the same for all outcomes, except per capita expenditures and the child
well-being index. For these two outcomes, the difference in sample means is statistically significant at the 1% level.
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components of this index individually in the bottom panel of Table 4. The increases in the index are

driven by increases in the number of nonfarm enterprises and new nonfarm enterprises in treatment

households, as well as higher family firm generated income and a higher share of adults economically

active in family based economic activity. The increase in nonfarm activities makes sense given that

only 4 percent of assets distributed were in agriculture, as reported in Table 2.

4.2 Well-Being of the Household

Table 5 contains the four main confirmatory outcomes relevant to Hypothesis 2 on KASAMA’s

impact on the well-being of household residents. We focus on two outcomes measured at the

household level and two at the child level. We observe a positive (5%) increase in per capita

expenditures (includes both food and nonfood items) although we cannot reject the null of no

effect on per capita expenditures.22

The effects on food security are statistically significant. Food security is measured by a stan-

dardized index of household reports of days without food, missing meals, begging, diet composition,

and the availability of food in the household. We find a 0.046 standard deviation increase in food

security. Figure 1 contains treatment effects on the components of the food security index. The

increases in food security seem to be driven by adults not cutting meals, an increase in household

members eating preferred foods, and decreases in households borrowing for food or purchasing

food on credit. The effects thus appear to be driven by the less severe components of the food

security index. This is likely because most of our households were not going without meals prior

to treatment. Though very poor, all of our households should be receiving 4Ps which contains

consumption support (of course not all households report receiving 4Ps).

There are two child welfare measures pre-specified in our analysis: an index of child school-

ing and an index on child well-being constructed from several psycho-social questions. The child

schooling index is composed of attendance and progression measures. The coefficients are negative

in sign but small in magnitude and insignificant. There is social promotion and free schooling

in the Philippines, so there is not much scope for the intervention to influence schooling. For

child well-being, our index is constructed using measures of child life satisfaction, goal planning,

depression, feelings of care from parents, enumerator assessment of social behavior, and caregiver

22Per capita expenditures are highly variable. We test the robustness of this result to dropping the top and bottom
1% of values, as specified in our Stage 1 submission for continuous outcomes. Appendix Table 14 shows the results
from dropping the top and bottom 1% of outliers for consumption, which is the only continuous outcome. Outliers
do not appear to influence our findings on per capita expenditures.
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assessment of child strengths and difficulties. These psycho-social measures of child well-being are

positively associated with treatment and statistically significant. The positive effects are driven

by increases in life satisfaction as measured by Cantril’s ladder and the Student Life Satisfaction

Survey (Appendix Table 11).

4.3 Child Time Allocation

KASAMA is foremost an anti-child labor intervention. In Table 6 we examine the impact of

KASAMA treatment assignment on child labor related outcomes for Hypothesis 3. All of the

outcomes in Table 6 are indicator variables. Economic activity in the last 7 days is defined as

whether the child has engaged in any productive activity that would fall within the United Nations

System of National Accounts definition of economic activity. This may be inside or outside of the

household. Child works for pay in the last 7 days indicates if any of that economic activity was

for pay. Child is in child labor in the last 12 months is an indicator for whether the child has

engaged in any work that would be illegal under Philippine law. Child is in hazardous child labor

in the last 12 months is an indicator for whether any of that child labor is in a work situation that

would be considered hazardous under Philippine law and ILO Convention C182. We do not find a

statistically significant effect of KASAMA on any of these outcome variables.23

These child labor results pool children that are in child labor at baseline with those that are

not. We pre-specified looking at these two groups separately, because it is folk wisdom in the

child labor policy community that it is more difficult to remove working children from child labor

than to prevent children from starting to work. Hence, we examine whether treatment effects vary

with child baseline time allocation by estimating equation 2 separately by whether children are

engaged in child labor in the last 12 months at baseline.24 Randomization appears valid within

each subgroup (Appendix Table 17).

Findings bifurcating the data by baseline child labor status are in Table 7. The table only

contains findings for the co-resident children sample.25 The impact of treatment on KASAMA

take-up and the presence of a family business are similar across the two subgroups. Household

23We have statistical power to detect plausible effects on child labor if the transfer’s principal effect were through
the wealth transfer intrinsic to the asset. See Appendix 3 for a discussion of minimum detectable effects from the
Stage 1 submission.

24In our stage 1 submission, we also proposed examining heterogeneity by baseline hazardous child labor status.
Because of imbalance in treatment status with that stratification (Appendix Table 18), we do not further explore
heterogeneity by baseline hazardous child labor status.

25Appendix Table 26a shows the results for the panel children sample, and Appendix Table 26b adds controls to
the regressions shown in Appendix Table 26a.
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responses related to Hypothesis 2 are also similar across subgroups. The child well-being results

are concentrated in children already in child labor at baseline, with the child well-being coefficients

negative and insignificant for children not in child labor at baseline. These children that do not

experience the improvements in well-being also work more. Children not in child labor at baseline

are 8.3 percentage points more likely to be economically active (Column 3), or a 12.5 percent

increase in economic activity. These results suggest that for children not in child labor at baseline,

the introduction of a family-based enterprise induced them to become economically active.

4.4 Attrition

Given that attrition is low and uncorrelated with treatment, it is unlikely a source of bias in our

findings. We define attrition of child respondents in three ways:

• Complete attritors, 0.03%. There is one adolescent interviewed at baseline that we know
nothing about at endline.

• Attriting migrants, 1.3%. No child survey and not present in their house at endline. We have
proxy responses from family members.

• Non-respondents, 2.4%. Resident in their household but not interviewed for the child survey.
We have proxy responses from family members.

Taken together, this leaves 3.7% of the sample without direct child survey responses and 1

(treatment) child with no information.

The absence of a direct child survey is not correlated with treatment. A regression of an

indicator that we lack a direct child survey at endline on treatment has a coefficient of -0.005

and a standard error of 0.006. We also find that baseline characteristics are comparable for the

children with a completed child survey. The results are shown in Appendix Table 8. There are

no statistically significant differences in any of the variables, and the omnibus F-test is also not

statistically significant.26

26While bias is not an issue, inference could be affected by attrition through the uncertainty it adds. We have proxy
responses about children for all but one of the children that do not complete the child surveys. We cannot measure
child well-being, child labor, or hazardous child labor through proxy responses. For children that are present at
home but non-responsive, we can calculate all other outcomes. Appendix Table 12 presents these outcomes including
proxy responses for children that are in the household but non-respondent. Inference is unaffected. Appendix Table
13 adds in proxy responses for children that are migrants. For all migrants between baseline and endline, we assign
household values (such as “Receive KASAMA”) based on the outcomes for their household of origin. For child
outcomes, we ask questions in the migrant module about what the child is doing in their new location, specifically
focusing on schooling, economic activity, and work for pay. Thus, our outcome variables are more limited than for
non-respondents. Nonetheless, again there are no substantive changes in inference.
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4.5 Heterogeneous effects

We pre-specified several sub-groups where we thought there would be important differences in the

impact of KASAMA.27 Our general approach is to estimate equation 1 separately for each subgroup

and to test the equality of β1 across subgroups.28 We also evaluate the validity of randomization

within subgroups in a manner consistent with our balance discussion above.

Discussions of adolescent time allocation often emphasize differences by gender and age. Ran-

domization appears valid within each group (we split ages 12-14 and 15-17 as do child labor laws

in the Philippines, Appendix Tables 15 and 16). Findings do not vary meaningfully across groups

(Appendix Tables 21 and 22), and the data fail to reject the null of no difference between groups

(Appendix Tables 24 and 25).

The above sources of heterogeneity vary at the individual level and since the intervention oc-

curred at the barangay level it was thus not possible to design the intervention with those tests

of heterogeneity. However, we built two types of heterogeneity into the experiment design. All

communities were divided into urban and rural areas. They were also divided into whether all

households in our study were receiving the government’s support program 4Ps. Interacted, every

community was then assigned to one of four stratum, and randomization was conducted by the

authors within each stratum. Thus, we can test for differences in the effect of KASAMA between

urban and rural areas as well as between areas with complete 4Ps and those without.

The decision to stratify by urbanity was driven by there being many arguments for why the

impact of KASAMA would differ by urbanity (including differences in the completeness of mar-

kets). Given the design, there should be balance within urban groups, and the data illustrate that

(Appendix Table 19). The differences in treatment effects between urban and rural areas are gen-

erally small in magnitude and statistically insignificant (Appendix Tables 23 and 27). Given that

individuals are free to choose the assets that are best for them in their given situation, it is perhaps

not surprising that the impact of choosing what’s best for them does not vary with urbanity.

27In our AEA registered pre-analysis plan, we specified numerous other margins of heterogeneity that were driven
by funder interest. Here, we focus on heterogeneity that contributes to our hypotheses in Section 2.2. In the final
report for the funder on the intervention, we explored these other margins of heterogeneity as well.

28To address the multiple hypotheses issues that arise from these comparisons across subgroups, we compute FDR
corrected q-values that pool across the different partitions of each type of heterogeneity within a given specification.
For example, we provide results using equation (1) for boys and girls separately. Our FDR corrected q-values will be
computed by combining the p-values from all of the boy and girl results together.
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4.5.1 Correlated Sources of Heterogeneity

One obvious concern about interpretation of findings with multiple sources of heterogeneity is that

those sources of heterogeneity might be correlated with each other or other latent factors. This

is especially relevant in our setting where the most important source of heterogeneity, baseline

child labor status, is apt to be correlated with age, gender, and urbanity. To evaluate whether our

findings of heterogeneity with baseline child labor status reflect factors correlated with age, gender,

or urbanity, we include all four sources of heterogeneity together in a single regression. Specifically

we modify our estimating equation to:

Yi,j,k,t=2 = β0 + β1Dk + ∆Dk ∗Hi,k + ΛHi,k + π1STk + π2Yi,j,k,t=0 + Π(Ai,t=0 ∗ Fi) + εk2 (3)

where H is the vector of sources of heterogeneity discussed above and thus ∆ and Λ are vectors

of coefficients. These findings are reported in Appendix Table 28. For family based economic

activity, child well-being, and child economic activity status, we can reject the null of no difference

in treatment effects with baseline child labor status. Thus, the distinct results for children that differ

in their baseline child labor status do not appear to reflect age, urbanity, gender, or factors closely

correlated with those factors. The different treatment effects appear to be because of baseline child

labor status, a result we expected based on the child labor literature.

4.5.2 Households with Consumption Support

Given the recent research interest in graduation programs and the importance of the asset distri-

bution component of graduation programs (Banerjee et al., 2018), we built into the design of this

evaluation the ability to examine the impact of KASAMA on top of consumption support. We

pre-specified 4Ps at the community level rather than the household level, because we are concerned

about within community selection given that all of our beneficiaries should be receiving 4Ps. In

complete 4Ps communities, we can evaluate the impact of the asset on our outcomes beyond the

other components of 4Ps. We have no explanation for why there are some communities where

not all households receive 4Ps. All 4Ps and partial 4Ps communities look similar on measurable

characteristics (Appendix Table 20). We suspect measurement error likely drives this distinction,

but we cannot be certain. Because of this uncertain variation, we choose not to compare the

impact in communities where all households report to those where not all report. Instead, we

restrict our discussion to the 4Ps stratum and examine the impact of the productive asset transfer
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on top of consumption support. In Appendix Table 20, we document balance with respect to the

randomization in this stratum.

Our findings for the 4Ps strata are in Table 8.29 The main difference between our findings

in the 4Ps receiving stratum and our earlier results are in the child time allocation results. The

increases in child economic activity, work for pay, child labor, and hazardous child labor are larger in

magnitude and statistically significant in the stratum where everyone receives consumption support

compared to the full sample. In fact, the increases in all of these time allocation measures are at

least 3 times the magnitude of the increases in the full sample.

These increases in child labor related measures are consistent with our finding above that treat-

ment induces available labor into work. We observe larger increases in child work with treatment in

the 4Ps stratum, because there are more children available to work in this stratum. Control group

children work less at endline in the complete 4Ps stratum (albeit not in a statistically significant

way).30 Treated children end up working approximately the same amount after treatment in the

4Ps stratum as in the full sample. For example, the child economic activity rates are 7.7 percentage

points lower in the complete 4Ps stratum, and treatment increases economic activity rates by 8.6

percentage points. This pattern of slightly higher (but not statistically significant) endline partici-

pation rates holds in all child labor related outcomes in Table 8. Hence, while treatment increases

child time in child labor related measures of time allocation relative to control in the 4Ps stratum,

the treated group in the 4Ps stratum does not end up working appreciably more than the overall

treated population. Thus, as above, the increase in child labor related outcomes in the 4Ps stratum

is consistent with treatment taking up available labor; there is just more available labor in this

stratum.

5 Discussion

Treatment seems to have been successful in reaching its intended beneficiaries, helping those benefi-

ciaries start or preserve household based enterprises, increasing household based economic activity,

and improving food security and child well-being. Direct assessment of child time allocation and

child well-being through interviewing children appears novel in this literature (and important as

argued in the introduction).

29Table 8 presents the results for the co-resident children sample. Appendix Table 35a shows the results for the
panel children sample, adding controls in Appendix Table 35b.

30This observation is unlikely to be driven by an effect of 4Ps on child work. De Hoop et al. (2019) find that 4Ps
increases child work for pay.
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Perhaps the most novel finding is that the intervention seems to induce children who are not in

child labor at baseline to start working. This section focuses on understanding this result further.31

In a setting with complete factor markets, the intervention should not influence whether children

work beyond the wealth effect of the transfer, but if the Singh, Squire and Strauss (1986) separation

hypothesis does not hold, the influx of capital from treatment can change the (shadow) value of

time inside the home. Suppose, for example, that the household cannot hire in labor. Then, the

household receiving treatment has two choices: sell or store the asset, or draw on available labor

in the household to work the asset to generate income. All published studies that we have seen

find that asset transfers lead to use of the asset. Given an opportunity, households try to make the

opportunity work. Thus, if the household cannot hire in labor to work the asset (or the previous

activities of household members), the asset transfer will draw in available labor.

There is not a lot of available labor in our poor households with child labor present. Our

average household has 0.7 members that are not economically active at baseline. These non-working

members have a median age of 15. Figure 2, Panel A plots the average number of individuals

in a household in each age group that are not economically active at baseline. Many of these

non-working individuals participate in unpaid household services. The non-economically active

household members are mainly children, women of childbearing age, and women greater than 50

years of age. Average age of first birth in the Philippines is 23, so that group of non-working 22-30

year olds are likely to have very young children present that may limit the flexibility of their time.

If we directly examine the impact of treatment on economic activity rates for adults by gender

and age group, our findings in adults are consistent to what we observed above: treatment increases

employment for available labor. Men are almost all working at baseline (Figure 2), and the data

are broadly consistent with the hypothesis of no impact of treatment on men (Appendix Table

29). Table 9 contains the results for women of estimating our most basic specification (equation

1). Each cell is from its own regression. Columns indicate age category and rows indicate the

subsequent outcome and baseline economic activity status. For women, the largest effect observed

in the data comes for women aged 31-40 who are not economically active at baseline. These women

will generally be the mothers of the younger children observed in our findings. The coefficient on

treatment for not economically active women aged 41-50 is surprisingly negative, but the number of

women in that cell is small and findings are imprecise, with 95 percent confidence interval ranging

31All of the results discussed thus far were pre-specified in our Stage 1 paper. In this section, we conduct some
exploratory analysis based on the results of our pre-specified analysis. The analysis in this section was not pre-
specified.
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from a 15 percentage point increase in economic activity to a 35 percentage point decline. These

increases in economic activity for women aged 31-40 who are not economically active at baseline

are predominantly in a family based enterprise.

If our findings on children entering work are driven by the need of a home enterprise to use

own-household labor, then labor should be especially tight in the approximately 61% of households

reporting a nonfarm enterprise at baseline. They have a lower number of workers available on

average (0.5 people) and a lower average age of those available workers (14). Figure 2, Panel B

mimics Panel A, restricting the sample to only households that had a nonfarm business at baseline.

The result is even more pronounced: there is very little available labor in these households, even

less than in the full sample in Figure 2. What little is available consists of female children, women

of child bearing age, and older women.

Above we observed that the impact of the intervention on the extensive margin of child time

allocation was concentrated in children that were not already in child labor at baseline. Table 10

contains our findings for the impact of treatment on our primary outcomes for children not in child

labor at baseline by whether their household had a nonfarm enterprise present at baseline.32 We

find increases in family based economic activity in both the nonfarm enterprise and no nonfarm

enterprise groups and similar in magnitude increases in the economic activity rates of children

(although statistically insignificant). The main distinction across this subgroup is in terms of entry

into child labor. Children not in child labor at baseline but in households with a baseline enterprise

are 19 percentage points more likely to enter child labor than children in the control group and 23

percentage points more likely to enter hazardous child labor. These increases in hazardous child

labor are due to children engaging in more adverse working conditions, such as working with loud

noises, handling chemicals, and feeling unwell after working, rather than increased engagement in

hazardous occupations such as scavenging (Appendix Figure 1).

There is no statistically significant effect on child labor or hazardous child labor for non-child

laborers in households without a nonfarm enterprise at baseline. This suggests that when the

household is already engaged in a business, marginal workers such as children engage in more

vulnerable types of work. For children engaged in child labor at baseline, we do not find changes

in economic activity or child labor status for either the households with nonfarm businesses at

32Appendix Table 30 shows the test for balance across the nonfarm and no nonfarm enterprise subgroups. Appendix
Table 31 shows the results by these subgroups for all children, not just non-child laborers. Appendix Table 32 includes
controls for the two imbalance variables in Appendix Table 30. Appendix Table 34a shows the results for the panel
children sample, and Appendix Table 34b uses the panel children sample plus controls.
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baseline or not (Appendix Table 33). These results are consistent with our interpretation about

the lack of slack labor: when little labor is available in the household, in this case associated with a

pre-existing business, more vulnerable workers engage in work, and perhaps less desirable work as

observed with the hazardous work result. In these same households where child labor is increasing

amongst those not engaged at baseline, we do not see the improvements in child life satisfaction

that we observe in the general population.33

6 Conclusion

Overall, KASAMA reached its targeted population, and these households opened, maintained, and

expanded enterprises. It is worth emphasizing that the enterprises opened or expanded through

KASAMA are not necessarily directly using the assets transferred through KASAMA. In our qual-

itative work, we encountered many subjects who received assets in one business and then bought

and sold several times to find the business that worked best. Qualitative respondents reported little

value in the training sessions, and also were unaware that the transfer was targeted at households

with child laborers. Hence, we are confident that the impacts we are measuring in this study come

through how beneficiaries interact with the asset transfer itself.

These achievements from KASAMA improved the material well-being of some of the poorest

households in the Philippines. However, KASAMA does not appear to have substantively reduced

child labor in beneficiary households, as was its stated goal. In fact, in many households, children

who were not in child labor at baseline were drawn into economic activity.

This highlights one of the important tensions in using a sustainable livelihood program to com-

bat child labor. Families with child labor present are amongst the poorest and most disadvantaged,

and livelihood support can ameliorate their poverty (as KASAMA has done). However, when in-

troducing a new economic activity into a household, available labor is needed to work in the new

economic activity. In the case of the Philippines, there was no evidence of a large surplus of prime

age adult labor. Poor families are working hard to make ends meet, so the addition of a new eco-

nomic activity or expanding an existing activity will necessarily bring in more marginal workers.

Thus, it is critical to be clear on the goals of a sustainable livelihood program. If the goal is to

improve the lives of families with child labor, then KASAMA could be considered successful. If the

33One possible explanation for this life satisfaction finding is that the improvements in food security and consump-
tion influence child life satisfaction in the opposite direction of the rise in hazardous work resulting in a negative but
insignificant impact of treatment on life satisfaction.
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goal was to eliminate child labor in beneficiary families, then these findings will be disappointing.

These contrasting goals are particularly evident when we look at the impact of KASAMA in

families with a nonagricultural family business present at baseline. These experienced entrepreneurs

were already using the available labor in their households. In these homes, children did not just

work more, they moved into child labor, and though we found improvements in living standards

and food security, we did not see the increases in child life satisfaction that we saw in the general

population. Thus, children seem to benefit from treatment less in households where there was a

pre-existing business.

Efforts to promote household capacity to generate its own livelihood have become the center of

many efforts to promote development (from microfinance to graduation programs). Our findings

highlight an important issue that needs more attention: not everyone in a family benefits equally

from efforts to influence how a household generates its livelihood. Our study is not designed to

measure within household distributional issues or longer term changes to the household that may

evolve in response to treatment, and we see this as an important area for future research. The

attention in this study has been on labor. Households relied on family members to work their

new productive assets, and some of those drawn into work may have weak agency over their time

allocation, especially within family based economic activities. These findings are consistent with

a model of non-separation of household consumption and production decisions, which may be

appropriate in a wide variety of low income contexts. Hence, our hope is that future studies of

efforts to alter how households generate their livelihood will be attentive to how such interventions

impact adolescents and other groups that may have limited voice within the family.
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Figure 1: Effects on Components of Food Security Index
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Notes: Each point plots the treatment effect on a component of the food security index with 95% confidence
intervals. An observation is a child 12-17, and outcomes are assigned based on the household the child was assigned
to at baseline. The sample includes all children interviewed at endline. All specifications include stratum fixed
effects, which are dummies indicating which of the four strata that the child’s household of residence resided in at
baseline. Standard errors are clustered on the unit of randomization (barangay) throughout.
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Figure 2: Average Number of Household Members Not Economically Active at Baseline
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Notes: Each bar shows the average number of household members that are not economically active at baseline in a
given age and gender group . Panel a includes all households, while Panel b includes only households that have a
nonfarm enterprise at baseline.
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Adult Time 
Allocation

Child Time 
Allocation Child Labor

Child 
Psychological 

Well-Being
Large Cash Transfer 22 14 0 0 0 0
Productive Asset 14 3 1 0 0 0
Graduationesque 22 14 3 0 0 0

Number of 
Studies

Table 1: Outcomes Included in Previous Impact Evaluations of Large Cash Grants or Productive Asset Transfers

Notes: Repeated cash transfers targeted at consumption support are not included in this tabulation. Almost all in-kind and 
large cash transfer programs also include some training. Graduationesque programs typically combine consumption support 
with either a large cash or in-kind transfer plus intensive training and counseling, usually in home.  They also usually 
involve some attempt to promote financial access.

Outcomes Include:

Type of Intervention
Direct Interview 

of Child
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Asset Type Percent of Total
Rice and Food Vending 37
Sari-Sari Store 33
Fishing 6
Livestock 2
Other Farming 2
Sewing and Tailoring 2
Welding and Carpentry 2
Other Tools and Equipment 15
NEC 1

Table 2. Distribution of KASAMA Assets

Notes: Distribution of KASAMA assets from DOLE's 
official records on KASAMA asset disbursement. 
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Variable Treatment Mean Control Mean Difference
Age of child 13.32 13.26 0.06

(2.18) (2.22) (0.06) 
Child is female 0.46 0.47 -0.00

(0.50) (0.50) (0.01) 
School attendance rate of child over last 7 days 0.47 0.45 0.02

(0.46) (0.46) (0.05) 
Child is grade(s) behind 0.11 0.11 0.00

(0.32) (0.32) (0.01) 
Child is economically active in last 7 days 0.84 0.81 0.03

(0.37) (0.39) (0.02) 
Child is in child labor in last 12 months 0.73 0.74 -0.01

(0.44) (0.44) (0.02) 
Child is in hazardous employment in last 12 months 0.44 0.45 -0.01

(0.50) (0.50) (0.03) 
Child works for pay in last 7 days 0.15 0.16 -0.01

(0.36) (0.37) (0.02) 
Respondent is female 0.81 0.82 -0.01

(0.39) (0.39) (0.02) 
Household size 6.78 6.93 -0.15

(2.21) (2.28) (0.15) 
Number of children in household 3.86 3.97 -0.11

(1.63) (1.78) (0.12) 
Household receives other government transfers in last 12 months 0.07 0.07 0.00

(0.25) (0.25) (0.01) 
Household reports family firm in last 12 months 0.63 0.61 0.02

(0.48) (0.49) (0.04) 
Family firm generated income in last 12 months (PPP adjusted) 662.55 384.73 277.82

(3297.35) (15217.87) (386.84) 
Food expenditure as a share of non-durable expenditure in past 30 days 0.64 0.64 -0.00

(0.15) (0.15) (0.01) 
ln(Total monthly household expenditure per capita) 4.30 4.29 0.01

(0.55) (0.61) (0.04) 
Household has savings 0.34 0.34 0.00

(0.47) (0.47) (0.03) 
Household has loans 0.78 0.78 0.01

(0.41) (0.42) (0.02) 
Household had a shock in last 12 months 0.64 0.65 -0.01

(0.48) (0.48) (0.03) 
Household had an illness in past 30 days 0.20 0.19 0.01

(0.40) (0.39) (0.02) 
Household has outmigrants in last 24 months 0.17 0.19 -0.02

(0.38) (0.39) (0.02) 
Barangay population (2010 Census) 3675.69 3428.73 246.95

(3567.77) (3777.18) (574.64) 
Family Economic Activity Index 0.03 -0.00 0.03

(0.37) (0.40) (0.02) 
Food Security Index -0.03 -0.02 -0.01

(0.44) (0.46) (0.03) 
Schooling Index 0.01 0.00 0.01

(0.39) (0.41) (0.02) 
Child Well-Being Index -0.03 0.00 -0.03

(0.68) (0.66) (0.03) 
Observations 2,156 2,148 4,304
F-statistic on test of joint significance 0.65
p-value on test of joint significance 0.899

Table 3. Balance of Baseline Variables

Notes: The sample includes all children 10-17 interviewed in the baseline child survey. Columns 1 and 2 report the mean of the variable for the treatment 
and control groups respectively, with standard deviations in parentheses. Column 3 reports the difference (Column 1 - Column 2), with standard errors in 
parentheses. The final two rows of the table report the omnibus F-test of the joint significance of all the differences in the column above and the associated 
p-value. Indices are created following Anderson (2008)'s approach. The standard deviation of an index created is not mechanically 1 because of weighting 
by the inverse of the covariance matrix in index construction. ***p<0.01, **p<0.05, *p<0.10.
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Control Mean Sample Size ITT ITT ITT
Panel A. Economic Activity Outcomes (1) (2) (3) (4) (5)
Reports Receiving KASAMA 0.039 3,627 0.833*** 0.831*** 0.831***

(0.021) (0.021) (0.021)
{0.001} {0.001} {0.001}

Reports family firm (own income generating activity) 0.761 3,628 0.097*** 0.097*** 0.096***
(0.022) (0.022) (0.023)
{0.001} {0.001} {0.001}

Famly Based Economic Activity Index -0.026 3,611 0.188*** 0.182*** 0.173***
(0.034) (0.034) (0.033)
{0.001} {0.001} {0.001}

Panel B. Economic Activity Index Components
# Nonfarm HH enterprises 1.841 3,628 0.424*** 0.425*** 0.421***

(0.109) (0.106) (0.109)
{0.001} {0.001} {0.001}

# Livestock & Birds 7.101 3,628 0.750 0.703 0.406
(0.787) (0.797) (0.667)
{0.400} {0.443} {0.634}

Amount of land owned by HH 1,543.998 3,611 589.505 586.982 551.218
(1177.213) (1267.838) (1232.287)

{0.618} {0.644} {0.656}
# New Nonfarm enterprises 0.532 3,628 0.287*** 0.295*** 0.295***

(0.064) (0.061) (0.062)
{0.001} {0.001} {0.001}

Family firm generated income 1,567.723 3,628 766.726*** 742.110*** 729.324***
(229.460) (223.450) (218.648)
{0.003} {0.003} {0.003}

Share of adults in family based econ. activity 0.769 3,628 0.060*** 0.056*** 0.053***
(0.020) (0.020) (0.017)
{0.005} {0.009} {0.004}

Value of HH assets 5,544.075 3,628 3153.152 3453.706 3395.160
(2618.266) (2851.976) (2859.461)

{0.323} {0.319} {0.332}
Stratum Fixed Effects Yes Yes Yes
Baseline Controls No No Yes

Co-resident Children Sample Panel Children Sample

Notes: An observation is a child 12-17. The co-resident children sample used in columns 1-3 includes all children aged 12-17 
interviewed in the endline survey. The panel children sample used in columns 4 and 5 includes all children aged 12-17 interviewed in 
both the baseline and endline surveys.  The sample size for the panel children sample contains 304 fewer children than the sample for co-
resident children shown in Column 2, except for the "Family Based Economic Activity Index" outcome which contains 301 fewer 
children. Each outcome is a characteristic of the household the child was assigned to at baseline.  Column 1 contains the mean of the 
outcome indicated by the row for the control group. Columns 3-5 reports the coefficient on an indicator that the child is associated with 
a household in a community randomly assigned to receive KASAMA.  For column 3, this means the child at endline is living in a 
household that at baseline was in a community that was assigned treatment.  For columns 4 and 5, this means that the child at baseline 
resided in a household that at baseline was in a community that was assigned treatment.  Stratum fixed effects are dummies indicating 
which of the four strata that the child's household of residence resided in at baseline.  Baseline controls are measured at baseline and 
include age*gender fixed effects and the baseline value of the row variable except for "Reports KASAMA" which is not available at 
baseline. Standard errors are in parenthesis and clustered on unit of randomization throughout (Barangay).  FDR corrected q-values are 
in brackets following Benjamini and Hochberg (1995); all coefficients with the same specification (e.g. column 3, 4, or 5) across tables 
4, 5, and 6 are grouped for calculation of q-values. 

Table 4. Effect of Treatment on Income Generating Activity (Hypothesis 1)
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Control Mean Sample Size ITT ITT ITT
(1) (2) (3) (4) (5)

ln(PPP Adjusted USD Household Monthly Per Capita Expenditure) 4.413 3,628 0.047 0.046 0.043
(0.033) (0.034) (0.029)
{0.297} {0.321} {0.251}

Food Security Index -0.017 3,628 0.046* 0.051** 0.056**
(0.027) (0.026) (0.023)
{0.191} {0.110} {0.039}

Child Schooling Index 0.023 3,628 -0.002 -0.003 -0.006
(0.016) (0.016) (0.016)
{0.915} {0.913} {0.791}

Child Well Being Index 0.014 3,620 0.038*** 0.031** 0.034**
(0.014) (0.014) (0.014)
{0.018} {0.084} {0.039}

Stratum Fixed Effects Yes Yes Yes
Baseline Controls No No Yes

Co-resident Children Sample Panel Children Sample
Table 5. Effect of Treatment on the Well-Being of Household Residents (Hypothesis 2)

Notes: An observation is a child 12-17. The co-resident children sample used in columns 1-3 includes all children aged 12-17 interviewed in the endline 
survey. The panel children sample used in columns 4 and 5 includes all children aged 12-17 interviewed in both the baseline and endline surveys.  The 
sample size for the panel children sample contains 304 fewer children than the sample for co-resident children shown in Column 2, except for the "Child 
Well Being Index" outcome which contains 303 fewer children.  Household PCX and Food Security Index are characteristics of the household the child was 
assigned to at baseline. Column 1 contains the mean of the outcome indicated by the row for the control group. Columns 3-5 reports the coefficient on an 
indicator that the child is associated with a household in a community randomly assigned to receive KASAMA.  For column 3, this means the child at 
endline is living in a household that at baseline was in a community that was assigned treatment.  For columns 4 and 5, this means that the child at baseline 
resided in a household that at baseline was in a community that was assigned treatment.  Stratum fixed effects are dummies indicating which of the four 
strata that the child's household of residence resided in at baseline.  Baseline controls are measured at baseline and include age*gender fixed effects and the 
baseline value of the row variable except for "Reports KASAMA" which is not available at baseline. Standard errors are in parenthesis and clustered on unit 
of randomization throughout (Barangay).  FDR corrected q-values are in brackets following Benjamini and Hochberg (1995); all coefficients with the same 
specification (e.g. column 3, 4, or 5) across tables 4, 5, and 6 are grouped for calculation of q-values. 
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Control Mean Sample Size ITT ITT ITT
(1) (2) (3) (4) (5)

Child Economically Active (Last 7 Days) 0.817 3,628 0.026 0.021 0.015
(0.020) (0.021) (0.018)
{0.306} {0.421} {0.554}

Child Works for Pay (Last 7 Days) 0.192 3,628 0.008 0.002 0.001
(0.016) (0.016) (0.015)
{0.692} {0.913} {0.926}

Child is in Child Labor (Last 12 Months) 0.768 3,628 0.019 0.015 0.013
(0.018) (0.019) (0.019)
{0.364} {0.547} {0.604}

Child is in Hazardous Child Labor (Last 12 Months) 0.623 3,628 0.025 0.023 0.021
(0.022) (0.023) (0.021)
{0.334} {0.421} {0.507}

Stratum Fixed Effects Yes Yes Yes
Baseline Controls No No Yes

Co-resident Children Sample Panel Children Sample

Notes: An observation is a child 12-17.  The co-resident children sample used in columns 1-3 includes all children aged 12-17 interviewed in the endline 
survey. The panel children sample used in columns 4 and 5 includes all children aged 12-17 interviewed in both the baseline and endline surveys.  The 
sample size for the panel children sample contains 304 fewer children than the sample for co-resident children shown in Column 2. Column 1 contains 
the mean of the outcome indicated by the row for the control group. Each cell in columns 3-5 reports the coefficient on an indicator that the child is 
associated with a household in a community randomly assigned to receive KASAMA.  For column 3, this means the child at endline is living in a 
household that at baseline was in a community that was assigned treatment.  For columns 4 and 5, this means that the child at baseline resided in a 
household that at baseline was in a community that was assigned treatment.  Stratum fixed effects are dummies indicating which of the four strata that the 
child's household of residence resided in at baseline.  Baseline controls are measured at baseline and include age*gender fixed effects and baseline values 
of the dependent variable. Standard errors are in parenthesis and clustered on unit of randomization throughout (Barangay).  FDR corrected q-values are 
in brackets following Benjamini and Hochberg (1995); all coefficients with the same specification (e.g. column 3, 4, or 5) across tables 4, 5, and 6 are 
grouped for calculation of q-values. 

Table 6. Effect of Treatment on Child Labor Related Outcomes (Hypothesis 3)
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Control Mean Sample Size ITT Control Mean Sample Size ITT
Difference in 
Coefficients

(1) (2) (3) (4) (5) (6) (7)
Reports Receiving KASAMA 0.043 848 0.799*** 0.039 2,475 0.844*** 0.045

(0.029) (0.021) [0.060]
{0.001} {0.001}

Reports family firm (own income generating activity) 0.707 848 0.119*** 0.779 2,476 0.090*** -0.029
(0.036) (0.023) [0.436]
{0.005} {0.001}

Famly Based Economic Activity Index -0.162 844 0.283*** 0.026 2,466 0.152*** -0.131
(0.059) (0.031) [0.016]
{0.001} {0.001}

ln(PPP Adjusted USD Household Monthly Per Capita Expenditure) 4.492 848 0.081* 4.404 2,476 0.032 -0.050
(0.048) (0.037) [0.325]
{0.199} {0.615}

Food Security Index -0.017 848 0.080** -0.018 2,476 0.040 -0.039
(0.036) (0.028) [0.298]
{0.082} {0.317}

Child Schooling Index 0.012 848 -0.010 0.029 2,476 0.000 0.010
(0.028) (0.018) [0.736]
{0.933} {0.990}

Child Well Being Index 0.074 848 -0.005 0.002 2,469 0.043*** 0.048
(0.025) (0.016) [0.077]
{0.969} {0.021}

Child Economically Active (Last 7 Days) 0.662 848 0.083** 0.874 2,476 0.002 -0.081
(0.039) (0.017) [0.030]
{0.093} {0.969}

Child Works for Pay (Last 7 Days) 0.118 848 0.007 0.217 2,476 0.002 -0.005
(0.022) (0.019) [0.868]
{0.942} {0.969}

Child is in Child Labor (Last 12 Months) 0.643 848 0.034 0.808 2,476 0.010 -0.024
(0.037) (0.018) [0.537]
{0.615} {0.824}

Child is in Hazardous Child Labor (Last 12 Months) 0.511 848 0.045 0.661 2,476 0.018 -0.027
(0.039) (0.024) [0.537]
{0.465} {0.655}

Stratum Fixed Effects Yes Yes
Baseline Controls No No

Not in Child Labor at Baseline In Child Labor at Baseline

Notes: An observation is a child 12-17. This table uses the co-resident children sample, which includes all children aged 12-17 interviewed in the endline survey.  Outcomes are defined as in Tables 4-6. 
Columns 1 and 4 contain the mean of the outcome indicated by the row for the control group in each subgroup. Columns 2 and 5 report the sample size from each regression.  Columns 3 and 6 report the 
coefficient on an indicator that the child is associated at endline with a household in a community randomly assigned to receive KASAMA. In Appendix Tables 26a and 26b, we show the results for the 
panel children sample, which includes children that at baseline resided in a household that at baseline was in a community that was assigned treatment. Column 7 shows the difference in the coefficients 
across the two subgroups. P-values for tests of equality between the two subgroups are in square brackets.  Stratum fixed effects are dummies indicating which of the four strata that the child's household 
of residence resided in at baseline. Standard errors are in parenthesis and clustered on unit of randomization throughout (Barangay).  FDR corrected q-values are in brackets following Benjamini and 
Hochberg (1995); all coefficients across the two subgroups (in child labor at baseline versus not in child labor at baseline) are grouped for calculation of q-values. 

Table 7. Effect of Treatment by Baseline Child Labor Status
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Control Mean Sample Size ITT Control Mean Sample Size ITT
Difference in 
Coefficients

(1) (2) (3) (4) (5) (6) (7)
Reports Receiving KASAMA 0.037 2,202 0.815*** 0.042 1,425 0.861*** 0.046

(0.029) (0.029) [0.258]
{0.001} {0.001}

Reports family firm (own income generating activity) 0.775 2,202 0.074** 0.739 1,426 0.134*** 0.060
(0.029) (0.034) [0.180]
{0.036} {0.002}

Famly Based Economic Activity Index 0.003 2,188 0.114** -0.070 1,423 0.302*** 0.188
(0.044) (0.050) [0.005]
{0.035} {0.001}

ln(PPP Adjusted USD Household Monthly Per Capita Expenditure) 4.394 2,202 0.082* 4.444 1,426 -0.007 -0.089
(0.047) (0.044) [0.165]
{0.129} {0.874}

Food Security Index -0.027 2,202 0.029 -0.003 1,426 0.072** 0.043
(0.040) (0.030) [0.387]
{0.597} {0.045}

Child Schooling Index 0.029 2,202 0.013 0.015 1,426 -0.025 -0.038
(0.022) (0.023) [0.230]
{0.663} {0.388}

Child Well Being Index 0.016 2,197 0.036* 0.013 1,423 0.040** 0.004
(0.019) (0.019) [0.879]
{0.100} {0.076}

Child Economically Active (Last 7 Days) 0.847 2,202 -0.014 0.770 1,426 0.086*** 0.100
(0.024) (0.032) [0.014]
{0.663} {0.033}

Child Works for Pay (Last 7 Days) 0.213 2,202 -0.032* 0.160 1,426 0.069*** 0.101
(0.019) (0.024) [0.001]
{0.144} {0.029}

Child is in Child Labor (Last 12 Months) 0.787 2,202 -0.005 0.738 1,426 0.056** 0.060
(0.024) (0.028) [0.101]
{0.874} {0.090}

Child is in Hazardous Child Labor (Last 12 Months) 0.649 2,202 -0.006 0.585 1,426 0.074** 0.079
(0.029) (0.032) [0.066]
{0.874} {0.052}

Stratum Fixed Effects Yes Yes
Baseline Controls No No

Living in Incomplete 4Ps Barangay at Baseline Living in Complete 4Ps Barangay at Baseline

Notes: An observation is a child 12-17. This table uses the co-resident children sample, which includes all children aged 12-17 interviewed in the endline survey. "Complete 4Ps" refers to  barangays where at 
baseline all households in our sample report receiving 4Ps; "incomplete 4Ps" refers to barangays where that is not the case.  Outcomes are defined as in Tables 4-6. Columns 1 and 4 contain the mean of the 
outcome indicated by the row for the control group in each subgroup. Columns 2 and 5 report the sample size from each regression.  Columns 3 and 6 report  the coefficient on an indicator that the child is 
associated at endline with a household in a community randomly assigned to receive KASAMA.  In Appendix Tables 35a and 35b, we show the results for the panel children sample, which includes children 
that at baseline resided in a household that at baseline was in a community that was assigned treatment. Column 7 shows the difference in the coefficients across the two subgroups. P-values for tests of equality 
between the two subgroups are in square brackets.  Stratum fixed effects are dummies indicating which of the four strata that the child's household of residence resided in at baseline.  Standard errors are in 
parenthesis and clustered on unit of randomization throughout (Barangay).  FDR corrected q-values are in brackets following Benjamini and Hochberg (1995); all coefficients across the two subgroups (in child 
labor at baseline versus not in child labor at baseline) are grouped for calculation of q-values. 

Table 8. Effect of Treatment by Complete 4Ps Status
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Ages 18-21 Ages 22-30 Ages 31-40 Ages 41-50 Ages 51-70
(1) (2) (3) (4) (5)

Economic Activity
Females - Pooled 0.007 -0.032 0.090*** 0.071*** 0.026

(0.039) (0.044) (0.026) (0.021) (0.032)
{0.886} {0.622} {0.007} {0.007} {0.622}

Females, Economically Active at Baseline -0.028 -0.013 0.072*** 0.080*** 0.018
(0.042) (0.052) (0.024) (0.021) (0.025)
{0.655} {0.861} {0.022} {0.004} {0.622}

Females, Not Economically Active at Baseline 0.123 -0.093 0.250** -0.095 0.136
(0.077) (0.101) (0.095) (0.126) (0.123)
{0.339} {0.618} {0.058} {0.622} {0.561}

Works in Family Enterprise
Females - Pooled 0.008 0.043 0.139*** 0.101*** 0.042

(0.037) (0.044) (0.034) (0.030) (0.037)
{0.877} {0.610} {0.003} {0.622} {0.560}

Females, Economically Active at Baseline -0.023 0.067 0.127*** 0.108*** 0.042
(0.042) (0.049) (0.034) (0.029) (0.031)
{0.717} {0.431} {0.004} {0.007} {0.431}

Females, Not Economically Active at Baseline 0.115 -0.035 0.241** -0.041 0.091
(0.071) (0.098) (0.112) (0.140) (0.122)
{0.339} {0.810} {0.166} {0.004} {0.622}

Works Outside Home
Females - Pooled -0.015 -0.079* -0.039 -0.032 -0.005

(0.033) (0.047) (0.041) (0.037) (0.044)
{0.766} {0.324} {0.610} {0.848} {0.912}

Females, Economically Active at Baseline -0.032 -0.075 -0.063 -0.043 -0.021
(0.037) (0.054) (0.043) (0.037) (0.048)
{0.618} {0.431} {0.405} {0.618} {0.766}

Females, Not Economically Active at Baseline 0.037 -0.081 0.206* 0.130 0.149*
(0.060) (0.079) (0.115) (0.153) (0.087)
{0.672} {0.605} {0.322} {0.560} {0.324}

Sample Size 792 461 765 873 647

Table 9. Effect of Treatment on Adult Economic Activity By Age (Females)

Notes : An observation is a female adult aged 18-70. The sample includes all female adults in this age range residing in the household at 
endline. Sample size refers to the pooled female sample, which includes both women economically active at baseline and women not 
economically active at baseline. Each cell represents a separate regression and is the effect of treatment on adult economic activity in the 
top panel, on working in the family enterprise in the middle panel, and on working outside the home in the bottom panel. Stratum fixed 
effects, as defined previously, are included in all specifications as dummies. Standard errors are in parenthesis and clustered on unit of 
randomization throughout (Barangay). FDR corrected q-values are in brackets following Benjamini and Hochberg (1995) are calculated 
by pooling all specifications in the table.
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Control Mean Sample Size ITT Control Mean Sample Size ITT
Difference in 
Coefficients

(1) (2) (3) (4) (5) (6) (7)
Reports Receiving KASAMA 0.038 683 0.816*** 0.067 165 0.748*** -0.068

(0.030) (0.066) [0.325]
{0.001} {0.001}

Reports family firm (own income generating activity) 0.678 683 0.120*** 0.840 165 0.103* -0.017
(0.041) (0.058) [0.808]
{0.017} {0.171}

Famly Based Economic Activity Index -0.183 679 0.245*** -0.070 165 0.424*** 0.179
(0.063) (0.114) [0.153]
{0.002} {0.003}

ln(PPP Adjusted USD Household Monthly Per Capita Expenditure) 4.481 683 0.062 4.540 165 0.150 0.088
(0.056) (0.097) [0.440]
{0.462} {0.231}

Food Security Index -0.042 683 0.089** 0.099 165 0.022 -0.067
(0.043) (0.046) [0.285]
{0.111} {0.772}

Child Schooling Index 0.015 683 -0.022 -0.001 165 0.030 0.052
(0.032) (0.055) [0.398]
{0.682} {0.753}

Child Well Being Index 0.058 683 -0.007 0.144 165 -0.006 0.001
(0.027) (0.045) [0.988]
{0.924} {0.942}

Child Economically Active (Last 7 Days) 0.649 683 0.078* 0.720 165 0.095 0.017
(0.043) (0.061) [0.80]
{0.171} {0.231}

Child Works for Pay (Last 7 Days) 0.117 683 0.019 0.120 165 -0.037 -0.056
(0.026) (0.043) [0.257]
{0.669} {0.621}

Child is in Child Labor (Last 12 Months) 0.646 683 -0.005 0.627 165 0.194*** 0.199
(0.040) (0.071) [0.011]
{0.942} {0.026}

Child is in Hazardous Child Labor (Last 12 Months) 0.512 683 0.001 0.507 165 0.226*** 0.225
(0.043) (0.069) [0.004]
{0.983} {0.007}

Stratum Fixed Effects Yes Yes
Baseline Controls No No

No Baseline Nonfarm Enterprise at Baseline Baseline Nonfarm Enterprise at Baseline
Table 10. Effect of Treatment by Presence of Baseline Nonfarm Enterprise, No Child Labor

Notes: An observation is a child 12-17.   This table uses the co-resident children sample, which includes all children aged 12-17 interviewed in the endline survey. A nonfarm enterprise is defined as any non-agricultural, 
non-livestock income generating activity fully or partially owned and operated by the household. Outcomes are defined as in Tables 4-6. Columns 1 and 4 contain the mean of the outcome indicated by the row for the 
control group in each subgroup. Columns 2 and 5 report the sample size from each regression.  Columns 3 and 6 report  the coefficient on an indicator that the child is associated with a household in a community randomly 
assigned to receive KASAMA. In Appendix Tables 34a and 34b, we show the results for the panel children sample, which includes children that at baseline resided in a household that at baseline was in a community that 
was assigned treatment. Column 7 shows the difference in the coefficients across the two subgroups. P-values for tests of equality between the two subgroups are in square brackets.  Stratum fixed effects are dummies 
indicating which of the four strata that the child's household of residence resided in at baseline. Standard errors are in parenthesis and clustered on unit of randomization throughout (Barangay).  FDR corrected q-values are 
in brackets following Benjamini and Hochberg (1995); all coefficients across the two subgroups (in child labor at baseline versus not in child labor at baseline) are grouped for calculation of q-values. 
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